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The Generative Al and Foreign Language
Education Series

The purpose of the Generative AI in Foreign Language
Education series is to explore the theoretical, practical and
philosophical implications of generative Al developments on
foreign language learning and teaching. The series comprises
both edited volumes and monographs by authors from different
contexts. Many of the titles contain practical applications and
also link ideas to future research possibilities. The series is
designed for both new and experienced language educators
who are involved in teaching or in supporting learners in
developing their language skills. The series also explores
generative Al from the position of the learner, so will appeal to
readers who are interested in managing their language learning
journey through the use of generative Al.
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Chapter 5

Generative AI Ethics: Emerging
Principles for Language Teachers

Louise Ohashi and Philip Hubbard
Introduction

Al has existed in language education for decades (Heift &
Schulze, 2007). However, the dramatic emergence of
generative Al (GenAl) tools, such as ChatGPT, has brought Al
production capabilities directly into the hands of teachers,
learners, and researchers, giving birth to a major expansion of
Al implementations across applied linguistics (Chapelle et al.,
2024). In the past, Al was largely used in language learning
applications to provide feedback or assessment on student
production, for example, judgments of pronunciation accuracy
(Kholis, 2021) or automated writing feedback (Shi &
Aryadoust, 2024). GenAl has gone beyond those restricted
uses, giving teachers and learners tools that enable them to
easily produce target language content, initially with text and
images, but now with audio and video as well.

When we type a prompt into a GenAl application like
ChatGPT and get its response, it may feel as if we are
interacting with another human. However, the application is
actually determining that response based on patterns learned
from an enormous amount of training on many millions of
examples of texts of all kinds (the “P” in ChatGPT stands for
“pre-trained”). These patterns from pretraining are integrated
into a large language model (LLM), which can then be fine-
tuned for specific purposes. The training takes “tokens" (which
are full or partial words) and transforms them (the “T” in
ChatGPT is “transformer,” which is the artificial neural network
architecture) into a kind of map of relationships across
thousands of dimensions, associating each one with its form,
position in a sentence, and even its relation to other words (or
tokens) across paragraphs. This is all done with large arrays of
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numbers that each word has been converted to, not the words
themselves, and the transformations take place in the
multitude of hidden layers in the network. There is no
“definition” of the word in the way we think of it, just its
association with other words near it. The underlying LLM allows
the GenAl to both process input and generate responses
quickly because the relevant word associations are already
there (the “"G” in ChatGPT stands for “generative”). The model
relies on these multi-dimensional associations to determine
probabilities of the next word in a sequence based on the
context provided by surrounding words. Other GenAl
applications, like Google Gemini, Claude, and DeepSeek, have
the same underlying architecture. From the user’s perspective,
GenAl tools produce seemingly relevant and fluent responses,
and they are said to have “natural language understanding”
capabilities, although this does not align with human
conceptualizations of “understanding.” For those wanting more
details about GenAlI than this brief overview gives, Wolfram
(2023) provides a much deeper description of the workings of
ChatGPT and its cousins, and Chapter 1 of Pratschke (2024)
offers a useful survey of GenAl in the context of education.
Although it is not necessary to understand the reality of
what GenAl is the way a developer might, it is important for
language teachers and those who manage and support them to
understand enough to use it efficiently, effectively, and
ethically. While many are still adapting to the influx of new
technologies that the latest wave of GenAl has brought to the
public eye, guiding bodies are already focusing attention on the
importance of GenAl ethics. In fact, UNESCO (2022) has given
GenAlI ethics priority status, positioning it next to vital skills
such as literacy and numeracy. This chapter responds to such
calls by addressing GenAl ethics within language education.
We begin by addressing the question of academic
misuse of GenAl by students, including cheating and over-
reliance. In the early months after ChatGPT’s release in
November 2022, this was the primary area of concern for
teachers and institutions (Alm & Ohashi, 2024; Ibrahim, 2023).
In considering this, we draw attention to the importance of re-
examining assessment tasks and teachers’ use of GenAl within
L2 education. In the following section, we look at ethical issues
related to privacy and data protection, raising awareness about
responsible use and consent. We then consider the topic of
built-in biases, artefacts of the way underlying models were
trained and the data used for that training, and suggest ways
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to reduce them. We also acknowledge the environmental
impact of GenAl and identify ways that teachers and their
institutions can support more sustainable use. In these
sections, in addition to drawing on a wide range of published
sources, we sometimes present issues through a personal,
real-life lens by sharing experiences from one of the authors,
Louise. She uses GenAl in her teaching role at a university in
Japan, where she specializes in English education and applied
linguistics, and regularly engages with it to improve her
Japanese, Italian, French, Spanish, and German language
skills. Finally, we consolidate these issues to propose seven
emerging principles to guide teachers in integrating GenAlI into
language education. We conclude this section with advice for
teacher educators and institutions, arguing that they need to
commit themselves to consistently supporting teachers’ initial
and ongoing professional development in GenAl.

Mitigating Academic Misuse and Guiding Acceptable Use

In L2 education, GenAl can be used to promote learning or
bypass it, so teachers need to know how to guide students
towards facilitative use and away from academic misconduct.
Many L2 educators are concerned about GenAl being used to
cheat (Alm & Ohashi, 2024; Ibrahim, 2023), and its wide
availability makes constant monitoring impossible. How,
though, does the average teacher navigate decisions about
acceptable and unacceptable use of GenAl and ensure fair
assessment in the GenAl era? There are no clear answers yet,
but several points deserve consideration.

First and foremost, teachers need to know the policies
of their institution. In Louise’s case, institutional guidelines
(Gakushuin University, 2023) state that students need to learn
to use GenAl effectively as it is expected to become an
essential tool for societal activities, but caution them to confirm
usage policies with teachers. The guidelines also note that
there will be disciplinary action if GenAl is used to cheat, but
there are no concrete examples of what constitutes cheating or
what disciplinary actions could be taken. What is actually
permissible in situations like this, and what is unacceptable? In
Japan, the government (Japan MEXT, 2023) has provided
guidelines for universities at a macro level, noting that GenAl
could be used for tasks such as brainstorming, identifying key
points, information gathering, proofreading, translation, and
programming, but instructs institutions to determine what is
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appropriate in their context and develop clear guidelines for
students and staff. In response, institutions throughout Japan
have created policies, but many leave the final decisions to
teachers. In part, this is because narrowing down guidelines at
an institutional level, where there is a diverse range of courses
with a multitude of learning objectives, necessitates flexibility.
However, when individual teachers have full control over
academic integrity guidelines, it raises questions about equity.
Students have the right to equitable access to educational
opportunities and should be subject to comparable penalties
when their behavior constitutes cheating. If GenAl policies
differ substantially from teacher to teacher, it creates confusion
among students and leads to inequalities. Due to this,
institutions need to create specific guidelines for courses and
provide training to help teachers effectively implement them.
Ideally, a balance would be found that supports teachers
without stifling their autonomy.

While some institutions in Japan and globally have
provided concrete, course-specific GenAl guidelines to help
clarify expectations and ensure fairness across classes,
currently, many decisions are left completely at teachers’
discretion. Viewed positively, teachers have the freedom to
decide what is appropriate in their courses. However, without
guidance for teachers themselves—many of whom still know
very little about GenAl—this can be a significant burden and
may lead teachers away from using it at all with students. In
fact, avoidance strategies were observed in a study on machine
translation, with most L2 teachers surveyed agreeing that
usage guidelines were essential in all L2 courses, but few
providing them (Ohashi, 2022). The new wave of GenAl has
put teachers in a similar situation. If they are going to be
responsible for micro-level decisions about how GenAl should
and should not be used in their courses, they need at least
foundational knowledge of what GenAl is, what it can and
cannot do, how it could enhance their students’ learning
opportunities, and how it could be misused. When teachers
know this, they will be in a better position to guide students. In
terms of concrete actions, after familiarizing themselves with
institutional policies and creating course guidelines that operate
within those policies, teachers need to communicate about this
openly with their students. Engaging learners in discussions
and activities that facilitate understanding will go a long way
towards deterring unintentional academic misconduct.
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We must also remember that cheating existed long
before GenAl did, and while it has made some types of
cheating easier, it is likely the underlying causes remain
substantially unchanged. Instead of only dealing with the
symptom (cheating), teachers also need to address the causes,
such as lack of motivation to complete tasks, insufficient time,
and unachievable standards. Self-determination theory (Ryan &
Deci, 2000) tells us that motivation increases when we address
three basic needs: autonomy (choice), competence
(attainability), and relatedness (belonging). If students are
motivated, it follows that they will be less tempted to cheat.
Thus, it would be worthwhile 1) to consider how much flexibility
could be offered for tasks, topics, and deadlines (to increase
autonomy), 2) to ensure tasks are not beyond students’ zone
of proximal development (Vygotsky, 1978) (to build a sense of
competence), and 3) to invest time into creating supportive
learning environments (to facilitate relatedness). It can be
tempting to blame students for cheating, but as the Tertiary
Assessment Quality and Standards Agency has noted, GenAl's
“threats to academic integrity highlight weaknesses in
traditional approaches to assessment” (2023, p.1).

Additionally, we must bear in mind that GenAl not only
influences how institutions can assess learning, but also “what
is worth assessing and, consequently, what and how students
learn” (Tertiary Assessment Quality and Standards Agency,
2023, p.2). The recent expansion of human-AI collaboration in
workplaces impacts what students need to learn and creates a
need for a redefinition of academic integrity. Reflection on what
students must be able to do without GenAl, what they can
delegate to it, and what should be done in collaboration is
essential. When rethinking educational strategies, it can be
useful to consider what Mollick (2023a) defines as “just me
tasks,” which are those that are best done (or can only be
done) by humans, and “delegated tasks,” which humans can
assign to an Al system and monitor. In an L2 writing class, for
example, “just me tasks” could include free writing activities,
and “delegated tasks” might involve students using Grammarly
to check their grammar and spelling. Mollick (2023b) further
differentiates between “centaur tasks,” which are collaborative
tasks with distinct AI and human roles, and “cyborg tasks,”
which are a more blended form of human-AI collaboration. In
the “centaur tasks,” there is “a strategic division of labor,
switching between Al and human tasks, allocating
responsibilities based on the strengths and capabilities of each
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entity” (Mollick, 2023b, Centaurs and Cyborgs section). For
example, L2 writers could write the first draft (“just me”), get it
proof-read (“delegated task”), then submit it to their teacher
for feedback. When learners do “cyborgs tasks,” on the other
hand, “they intertwine their efforts with AI, moving back and
forth” in tandem (Mollick, 2023b, Centaurs and Cyborgs
section). In L2 writing, “cyborg tasks” would give GenAl a
sustained collaborative role in areas such as brainstorming,
drafting, paraphrasing, and proofreading. Teachers should
consider which task types are appropriate within their own
contexts. Furthermore, they have a vital role in guiding
students towards critical evaluation of GenAl’s suitability for
learning tasks and transparent disclosure of its use.

Finally, teachers need to remember that their own use
of GenAl for teaching purposes serves as a model for students.
We cannot tell students not to cut corners in their learning if
we do it indiscriminately when teaching. GenAl can be useful
when creating learning materials, designing assessment tasks,
and providing feedback, but we must hold ourselves to the
same ethical standards we expect of our students. For
example, GenAl may be a time-saver when creating multiple-
choice questions, but an analysis of questions ChatGPT
generated for listening passages revealed that over half
featured “implausible distractors” (Chun & Barley, 2024, p.
129). This underscores the importance of thoroughly reviewing
GenAl-produced materials before releasing them to students.
Teachers are notoriously overworked, but “platforms without
pedagogy are damaging to education, so it is important that
educators understand the difference and do not end up
sacrificing effectiveness on the altar of efficiency” (Pratschke,
2024, p. 28). Teachers can serve as role models for students
and avoid hypocrisy by using GenAl with pedagogy at the
forefront.

Addressing Privacy and Data Protection

GenAl receives input in the form of text, voice, images, and
video from users. In response, it generates output that the
user can see and/or hear, but attention must also be given to
silent, invisible uses of the data. In other words, it is important
to consider what is shared with GenAl companies and take
adequate steps to protect privacy.

GenAl tools rely on massive amounts of data for
training and refinement. Initial training data is typically
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gathered from publicly available sources such as websites,
academic papers, and books. However, machine learning
involves continual development, so user-generated input may
be collected and used for fine-tuning or version updates when
consent is given. GenAl companies provide their data handling
policies and terms of service to consumers through written
statements, but how much attention is paid to them by the
average user, and how easy are they to find and understand?
Research into reader attention, which monitored screen clicks
and used eye-tracking technology, showed evidence of
participants skipping the privacy policy or reading only parts,
with many getting yes/no questions about key content wrong
(Steinfeld, 2016). However, it is important for both teachers
and students to consider privacy and data protection and know
what they are consenting to when using GenAl. Realistically,
most teachers and students are unlikely to read the lengthy
terms and conditions of each new tool, but it is worthwhile
investing time into exploring the privacy settings to have more
control over personal data. Let us consider ChatGPT for
example purposes. OpenAl has disclosed the following:

OpenAl’s large language models, including the models
that power ChatGPT, are developed using three primary
sources of information: (1) information that is publicly
available on the internet, (2) information that we license
from third parties, and (3) information that our users or
our human trainers provide [emphasis added]. (OpenAl,
n.d.)

Their website states that personal information that is
inadvertently collected is not used to build profiles and that it
will not be used for purposes other than training OpenAl’s
models to more accurately process and produce language.
Nonetheless, in the ever-increasing shift towards hyper-
personalization, GenAl is now trained to remember key
information about its users. In fact, in the *memory” part of
the settings (settings > personalization > memory), it states
“ChatGPT will become more helpful as you chat, picking up on
details and preferences to tailor its responses to you” (Figure
5.1). While learners can benefit from this, caution is needed.
ChatGPT’s memory notes on Louise (settings >
personalization > manage memory) included language-based
memos like “Prefers to move to the next sentence without
waiting if they say the sentence perfectly,” which make
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language learning tasks flow more efficiently. However, it also
kept records such as “is in Italy on holiday,” “has a sore
throat,” and “is feeling better.” Maintaining records about
aspects such as a user’s location and health may be useful for
facilitating personalized conversations, but the collection and
collation of such data makes it even more important for users
to be cautious about what they share and to know how to limit
access to and permanently delete their data. For instance, in
ChatGPT'’s personalization settings (Figure 5.1), the memory
function can be turned off and memories can be cleared in bulk
(click “clear memories”) or individually (click "manage” and
choose what to delete). When teachers explore these settings
first, they can guide students more efficiently.

Figure 5.1
» . . .
ChatGPT’s Personalization Settings
Settings X
@ General Custom instructions On >
2 Personalization Memory 0
ChatGPT will become more helpful as you chat, picking up on details
I Speech
and preferences to tailor its responses to you. Learn more
£ Data controls To understand what ChatGPT remembers or teach it something new,
just chat with it
@ Builder profile * “Remember that | like concise responses.”
e “| just got a puppy!”
38 Connected apps ¢ "What do you remember about me?”
« "Where did we leave off on my last project?”
® Security

Manage

—
Clear memories )

GenAl tools generally allow users to decline to share data for
certain purposes, yet this often limits their usefulness. For
instance, disabling the memory function in ChatGPT renders it
less effective, so students and teachers need to decide if they
would prefer to turn it off or just be selective about what they
input. Similarly, using ChatGPT’s temporary chat increases
privacy, as shown in Figure 5.2, but as the chat is not saved in
the user’s history, it cannot be reviewed later, and ChatGPT

® Subscription
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has no long-term memory of the user, so personalization is
reduced.

Figure 5.2
ChatGPT’s Temporary Chat Conditions

Model improvement

Improve the model for everyone O

Allow your content to be used to train our models, which
makes ChatGPT better for you and everyone who uses it. We
take steps to protect your privacy. Learn more

An option that has no foreseeable disadvantages for users is
turning off “improve the model for everyone” (Figure 5.3),
which is enabled by default and gives consent to OpenAl to
train its models with users’ content. However, if users are not
actively looking for it, they are unlikely to notice they have a
choice, highlighting again the benefits of exploring the settings.

Teachers and students thus need to understand how to
navigate GenAl tools to make informed decisions related to
personal data. In language courses, teachers can lead students
through activities that help them to understand issues such as
how to check data collection and management policies for
GenAl tools, opt-out options for sharing data for training
and/or with third parties, types of personal data that should
not be entered, how to navigate settings related to privacy,
and how to weigh the costs of sharing data with the benefits
tools offer.
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Figure 5.3
ChatGPT’s “Improve the Model for Everyone” Setting

Settings X

@ General Improve the model for everyone Oon >
& Personalization .

Shared links Manage
fir Speech

£ Data controls Export data Export

@ Builder profile
Delete account
0o

86 Connected apps

® Security

Finally, in addition to advising students and taking care when
entering their own data, teachers need to consider ethical
issues that arise when handling their students’ content and
requiring the use of GenAl for coursework. This is especially
important for confidential information or data that could
potentially identify students, such as photographs, audio, and
videos. One way of addressing this problem is through
solutions like OpenAl’s ChatGPT for Education*. This fee-based
service provides enhanced data privacy and security (e.g., no
data or conversations are used to train models) as well as
centralized administrative controls. Teachers and students
should be aware of the GenAl tools acquired and/or endorsed
by their institution and the additional security measures they
offer. While tools with less stringent controls could be used for
coursework, teachers should not include them in courses
without an understanding of the privacy settings, and they
should also be prepared to consider alternatives if students do
not agree with the data collection and usage policies. In any
event, it is essential to be aware of and follow institutional
regulations on this. In cases where such regulations do not
exist, it is advisable for teachers to engage in discussions with
students when they wish to enter student-produced content
into GenAl tools or require students to use them, with attention
given to anonymization strategies and opt-out options.

4 https://openai.com/chatgpt/education/
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Understanding and Addressing Built-in Bias

When using GenAl, it is important to be aware of built-in
biases, recognize the problems they can cause, and take steps
to redress them. Data bias and algorithmic bias are central
causes of GenAl bias. IBM notes that data bias is due to
“skewed or unrepresentative” data being used for training, and
algorithmic bias arises “when systemic errors in machine
learning algorithms produce unfair or discriminatory outcomes”
(Rogers & Jonker, 2024). GenAl relies on datasets that were
taken from the internet and other human-created sources, so
output reflects the biases that are present in society and can
amplify them. For example, GenAl output can positively and
frequently represent certain groups while perpetuating
negative stereotypes about, misrepresenting, or completely
excluding other groups. When teachers and students use GenAl
for language education, they are exposed to whatever the
algorithms deliver, and this output contains representations of
gender, race, sexual orientation, age, body shape, mobility,
neurodiversity, socioeconomic status, and a host of other
factors along with the educational output that was sought.
Demographic biases are built into this, as demonstrated by a
UNESCO (2024b) study that found tendencies towards gender
bias, homophobia, and racial stereotyping in LLM output.

To counteract these biases, teachers and students need
to analyze output with a critical lens, one that will come to a
sharper focus with raised awareness. Having class discussions
about who is represented in the output, how, and why is a
good starting point. Redressing built-in biases through iterative
prompting is the next step. An example in Figure 5.4 shows
how Louise guided ChatGPT away from its male default setting
when using it to learn German.
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Figure 5.4
Prompting to Redress Male Default Setting

Prompt: Hallo! I'd like to do some reading practice. Tell me
a funny story using simple German. Include lots of verbs
about daily activities and my hobbies.

Result: A story about a male dog named Bruno.

Follow-up Prompt: Another story at that level of German
pls. About an English teacher who lives in Tokyo.

Result: A story about a male teacher named Tom.

Follow-up prompt: Write it in German again but change
the subject from Tom to “I”. The story is told by a woman,
not a man.

Result: The same story told as a woman.
(Note: This is particularly important in German as some
word forms are determined by gender).

Follow-up prompt in the next learning session: Write a
story about a female teacher’s day from start to finish. Use
some of the verbs in first person from last time and add
more. Keep it at the same level.

Result: ChatGPT listed the message "Memory updated”.

As explained in the previous section, ChatGPT’s memory
function records key information about the user’s preferences.
The information shown in Figure 5.5 was created and stored by
ChatGPT to use when making future output decisions. It was
not displayed on the screen, but available by accessing
settings > personalization > memory.

Figure 5.5
ChatGPT Memory Update Example

4 Memory

Prefers that male characters
are not the default when
creating images and
characters. They have
noticed a pattern of male
characters being generated
by default and want a more
balanced representation.
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Memories such as this can be helpful in redressing bias, but
they are not a total “fix.” To illustrate this, Louise asked
ChatGPT to produce an image of “an English teacher.” Figure
5.6 shows the handsome, young, Western male character
ChatGPT created, demonstrating that the memory note shown
in Figure 5.5 and others like it had been “forgotten.”

Figure 5.6
ChatGPT’s Image Generation of "An English Teacher”

Further investigation uncovered ChatGPT’s capacity to recall
user preferences, yet it defaulted to “more conventional
representation” (ChatGPT’'s words) when not specifically
prompted to do otherwise (Figure 5.7). This makes it clear that
users must remain vigilant when prompting, which may include
specifically addressing demographic factors to avoid ChatGPT’s
algorithm’s version of “conventional” becoming the output that
is consumed by teachers and learners.
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Figure 5.7
ChatGPT "Memorizing” and “Forgetting” User Attempts at
Inclusive Representation

What do you know about my preferences for image and character
generation?

6] Here's what | know about your preferences for image and character generation:

1. Balanced Representation: You prefer that male characters are not the default and seek a

balanced representation of genders.

2. Detailed Descriptions: You appreciate detailed and specific character descriptions.

3. Text Accuracy: You prefer any text in generated images to be checked carefully for correct
spelling.

4. Inclusivity: You value diverse and inclusive character portrayals.

5. Adjustments: You often request specific refinements, such as adding wrinkles or altering
attire to match a character’s personality or context.

Let me know if there's anything you'd like me to adjust or add to these preferences!

So why was the very first image you generated a young, handsome
male?

&) You're absolutely right to point out that the very first image being a young, handsome male
contradicted your preferences for balanced representation. | appreciate your attention to this
detail.

That was an oversight on my part. While | aim to reflect your preferences, | may have defaulted to
a more conventional representation without fully aligning with your expectations for diversity and
balance in characters. I'll make sure to be more mindful of this in the future to avoid similar

missteps.

Thank you for calling this out—your feedback helps me improve!

Teachers can use GenAl to create engaging, useful materials
for their students and can guide them towards beneficial
learning tasks, but it is important to prompt—and reprompt—in
ways that will ensure fair representation of all kinds of people.
Teachers can personalize learning materials by embedding
characters and elements that reflect their students,
themselves, and a diverse range of others in positive ways.
They can prompt GenAl to bring more inclusive content into
their classrooms and help students learn to understand the
importance of critical consumption and prompting. The built-in
ethical issues discussed in this section cannot be completely
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overcome through user choices and need to be addressed by
GenAl companies, but it is essential for teachers and students
to know that they are certainly not powerless when consuming
and shaping output.

Understanding and Reducing GenAI’s
Environmental Impact

As living, breathing human beings, we all have the ethical
responsibility to minimize the damage we do to the planet we
share with billions of inhabitants and those who will live here
for generations to come. Against this backdrop, it is critical to
understand the environmental risks created by GenAl software
(data collection, training, inference, etc.) and hardware
(computer chips, data centers, etc.). For example, the United
Nations Environment Program (2024) has warned that data
centers alone produce hazardous electronic waste, consume
exorbitant amounts of water, and lead to the over-mining of
elements and minerals that are in short supply. Furthermore,
the environmental impact is not evenly dispersed, with some
geographical areas facing disproportionately higher harm (Ren
& Wierman, 2024). Quantifying the damage is proving
challenging, however, with the United Nations Environment
Program noting:

Although studies have estimated the environmental
impact of different stages of the Al life cycle,
comprehensive research in this area remains scarce.
This has resulted in the proliferation of media statistics,
many of which lack credible backing. Accurately
estimating Al's environmental impact is hindered by
significant measurement challenges (2024, p. 3).

While reliable figures remain elusive, there is a clear need for
responsible action. Government and industry action will have
the greatest effect, but educators also have a role to play.
Educational institutions worldwide are committed to the United
Nation’s (n.d.) Sustainable Development Goals (SDGs), and
overuse of GenAl technologies could conflict with SDG 12
(Responsible Consumption and Production) and SDG 13
(Climate Action). UNESCQO's (2024a) AI Competency
Framework for Teachers has drawn attention to the importance
of promoting environmental sustainability, which means
teachers need to be aware of the environmental impact of
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GenAl and prioritize more environmentally friendly options
when viable. To facilitate this, organizations should lead the
way with comprehensive, institution-wide policies and
practices. This does not mean that GenAl should be rejected or
banned by the educational community, but it must be used
responsibly. One option is to move some tasks to more
environmentally friendly small language models (SLMs), rather
than using LLMs indiscriminately. As Caballar (2024) explains,
“SLM parameters range from a few million to a few billion, as
opposed to LLMs with hundreds of billions or even trillions of
parameters.” This difference in scale results in massive
differences in environmental impact. LLMs consume much more
energy and resources due to their dependency on high-
powered hardware like GPUs (graphics processing units), large-
scale cloud storage infrastructure, and the cooling systems that
are needed at data centers. In contrast, after installation,
many SLMs can be operated within devices such as
smartphones and laptops, with or without internet access. For
example, Google’s GenAl Gemini Nano can be loaded into some
Android smartphone models and can be used entirely offline for
greater efficiency as well as lowered environmental impact
(Yadav et al., 2024). UNESCO (2024c) has recommended a
balanced approach, with institutions thoughtfully integrating
LLMs and SLMs in ways that meet the users’ objectives in
sustainable ways. It is also useful to note that in the push for
capabilities, newer versions of LLMs tend to be larger in scale
than their predecessors, so using older models of LLMs can also
be a more sustainable option.

Most teachers know about famous LLMs like ChatGPT,
but far fewer are familiar with SLMs. Platforms like Hugging
Face offer a wide range of open-source SMLs, such as
TinyLlama, but understanding how to choose an appropriate
model and access it requires specialist knowledge. By providing
easy access to SLMs and training teachers to use them,
institutions would be taking steps towards meeting their SDG
commitments. While waiting for institutions to take action,
teachers are encouraged to investigate further to learn more
about the environmental impact of GenAlI, find out about low-
energy options, and make decisions over which tasks justify
the use of GenAI—much in the same way we have learnt to
consider carefully before clicking “print” in order to save
natural resources.
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Emerging Principles for Using GenAlI Ethically

Richards (1996) acknowledged that teachers tend to use
principles or *maxims” to guide their work rather than theory.
He argued that teacher observation and discussions about their
teaching methods “suggest that teachers develop personal
principles which inform their approach to teaching. These
principles function like rules for best behavior, or maxims, and
guide many of the teachers’ instructional decisions” (p. 281).
He gives eight examples taken from practicing teachers, such
as "The Maxim of Empowerment: Give the learners control” (p.
291). Principles are proposed in technology-oriented papers as
well. For example, Doughty and Long (2008) draw on 10
principles grounded in the interactionist perspective and task-
based learning and adapt them as principles for online
language teaching. Stockwell and Hubbard (2013) provide 10
emerging principles for mobile-assisted language learning to
guide teacher and learner use.

The problem for us today is that teachers do not have a
wealth of knowledge and teaching experiences with GenAl to
draw such principles from. In the absence of at least a strong,
established theory and research base for incorporating GenAl,
one might argue that a claim of “principles” is premature.
However, we would counter that if we fail to offer such options,
teachers may be left either to rely solely on their pre-GenAl
experience or to pick up bits and pieces of value haphazardly.
Consequently, we propose here a set of emerging principles,
many grounded in established language pedagogy, adapted
specifically to effective, ethical practice with GenAl. We
recognize that the GenAl era is still in its infancy, and we
encourage others to reflect on our proposed principles and
adapt and expand on them as the technology and the contexts
of their teaching evolve.

Emerging Principles

1. Achieve basic GenAl literacy and continue
expanding it. Understand the fundamentals of GenAl,
what it is, and what it isn’t. Be familiar with both
general GenAl applications like ChatGPT and GenAl
tools for language teaching and learning that are
relevant to your context.

2. Use GenAl efficiently, but also effectively and
ethically. There is a tendency to use GenAl to save

116



time, but this cannot be at the expense of language
learning. Carefully reflect on learning objectives, be
sensitive to ethical considerations, and guide your
students to do the same.

. Set ethical guidelines for yourself and your
students. Follow those guidelines to use GenAl
critically, in line with institutional guidelines when
present. Students have a right to know what is allowed,
what isn’t, and why, and teachers have a responsibility
to inform them.

. Consider issues of privacy. Be aware of privacy

defaults and what the user can control. Protect both
your and your students’ data by checking the settings,
limiting the amount of personal data entered, and
raising student awareness of these issues.

. Look for biases in GenAI output and seek

remedies. Understand how biases are built into GenAl
and learn to craft prompts to limit them. Critically
evaluate output generated by yourself and others, and
understand how to iterate prompts to make the result
more inclusive and appropriate for your context. Guide
students to do the same.

. Seek GenAlI solutions with the lowest

environmental impact. If a task can be adequately
done using an SLM or an older, already-trained LLM,
select those options over the more recent general LLMs.

. Build ethical considerations into GenAlI use as

standard practice. For example, create a basic

checklist like this one to ensure ethical issues are

considered in all teaching and learning activities and

tasks that involve GenAl:

e Does it conform to institutional ethical guidelines?

e Is it pedagogically preferable over the alternatives
available?

e Is an appropriate level of privacy assured?

e Are there obvious biases present, and can they be
mitigated?

e Has environmental impact been considered?

Principles are useful, but how do they apply in a real-world
context? As an in-service teacher, Louise’s experiences may
help contextualize this. For instance, she addresses Principle 1
through experimenting with tools as a teacher and learner,
reading widely (everything from social media and news to
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research articles and specialist books), and engaging in
conversations with peers and students. For Principle 3, she
embeds the university’s guidelines into the learning
management system of her courses and facilitates in-class
discussions in the first class and periodically thereafter. For
Principle 5, she shares her experiences with ChatGPT’s
preference for “conventional representation” with her students,
facilitates discussions about bias, and has students brainstorm
ways to effectively prompt their way past this obstacle. While
not an exhaustive list, strategies such as these are steps
towards responsible GenAl adoption in language education.

Preparing and Supporting In-Service Teachers

In the previous sections, we have discussed a number of
ethical dimensions connected to the use and potential misuse
of GenAl in language education. From that discussion, we have
synthesized a set of seven emerging principles to guide
teachers in learning about and implementing GenAlI ethics.
Here, we argue that for many teachers to reach the level where
they can apply these principles with significant effectiveness,
two crucial types of support from their institutions are required.
The first is in achieving a foundational level of knowledge and
skill in GenAl to be able to use it efficiently, effectively, and
ethically. The second is in expanding and staying current with
GenAlI applications and their corresponding ethical concerns
through ongoing professional development. To clarify, we
define institutions broadly as follows. Internally, institutions
refer to those having some sort of authority over the teacher.
This includes language departments or programs, schools, and
various levels of government. Institutions in our sense can also
be external, including publishers, professional organizations,
and professional development providers, both for-profit and
non-profit. Connected to either internal or external institutions,
teacher educators are especially important in helping teachers
acquire GenAl knowledge and skills. All of these entities can
play a role in how support and training that incorporates ethical
considerations is provided to language teachers. And ideally, in
doing so, all should be cognizant of the seven principles
described above and be ready to aid teachers in realizing them.
Let us now consider the teachers themselves. Language
teachers who have just completed their formal teacher
education may be teaching for another 30 or 40 years. And
language teachers currently practicing could have completed
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their formal education 10, 20, or even 30 or more years ago. It
is not known how much, if any, coursework on using GenAlI for
language teaching the bulk of recent graduates may have been
provided, but it is clear that anyone completing degree or
certification work prior to November 2022 probably had none.
Thus, the burden of educating teachers for GenAl use falls into
the category of ongoing professional development. Yet it is not
professional development in the usual sense of keeping
teachers current by building incrementally on what they
already know. Rather, it requires teachers to acquire and
integrate entirely new knowledge and skills. Institutions have
co-responsibility with teachers for taking on this task,
beginning with determining initial learning objectives, drawing
from sources such as UNESCO (2024a), and appropriately
adapting them to the local language teaching context. Allan et
al. (2024), for example, report on a set of technology
standards developed specifically for the Canadian settlement
language training sector that includes GenAI competency
targets for language instructors, learners, and programs.
Within that model, language programs are expected to take a
major responsibility for ensuring both teachers and learners
have competency in GenAl.

Before GenAl reached public consciousness, there were
already calls for “Al literacy,” which includes understanding
how “to critically evaluate Al technologies, communicate and
collaborate effectively with AI, and use Al as a tool online, at
home, and in the workplace” (Long & Magerko, 2020, p. 2).
With the recent proliferation of tools in the subfield of GenAl,
there is a need to cultivate GenAl literacy. Educators need this
in their teaching roles and must be able to support students’
GenAl literacy development. While essential, this will only be
achieved through large-scale up-skilling in the field of L2
education, which raises some additional ethical dilemmas.

Firstly, in workplace settings, when staff need new
knowledge and skills and must navigate the use of novel tools,
who is responsible for training? In-service teachers need to up-
skill to increase their GenAl literacy, but it is unreasonable to
expect this without providing sufficient compensation for the
time dedicated to training and ensuring teachers do not bear
the financial burden of training costs. Teacher well-being
should be a central concern. As UNESCO (2024a) notes, "it is
crucial to safeguard teachers’ rights and ensure adequate
working conditions for them in the context of the growing use
of Al in the education system” (p. 14). Ideally, institutions
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would conduct training sessions in regular work hours or allow
time off in lieu when training is held outside these times. If
workplace training is not possible, funding for professional
development through conferences, workshops, and other
avenues should be considered. Furthermore, teachers are key
stakeholders and need to be part of conversations about GenAl
training in their workplaces. Institutions need to make
decisions about staff training based on what teachers’ real
needs are. Both groups have roles to play in teachers’ GenAl
literacy development, with some suggestions below to facilitate
this.

Possible Strategies for Teachers:

e Discussing GenAl with colleagues (teacher communities)
to learn from and support one another

e Gathering information about GenAlI through various
sources (e.g., instructional videos, articles)

e Experimenting with GenAl tools for personal and
workplace tasks (e.g., use it to learn something, create
something)

e Participating in training offered by internal and/or
external institutions, and making a commitment to
continuous learning through ongoing professional
development

Possible Pathways for Institutions:

e Surveying teachers to understand their perceived
training needs

o Creating or outsourcing training sessions

e Allocating budgets for training (speaker fees,
registration fees, GenAl tool subscription fees, salary for
out-of-hours training)

e Consulting with staff over training modes to maximize
accessibility (face-to-face, online, real-time, on-
demand)

e Developing a coherent and practical GenAl integration
plan

e Maintaining a GenAl support specialist or ensuring that
existing technical support staff can assume that role

From an ethical point of view, it could be argued that just as
employers have a responsibility to provide teachers with
adequate support, teachers also have the responsibility to
move with the times, especially given the seismic educational
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shift GenAl represents. As part of their up-skilling, they need to
learn about the GenAl tools that exist and how they can be
used to substitute, augment, modify, or redefine teaching and
learning tasks, as per Puentedura’s (2013) SAMR model. With
sufficient GenAl literacy, teachers will be better placed to make
the right choices about GenAl in workplaces, both from
pedagogical and ethical perspectives. Teachers have a right to
receive training support, but also a responsibility to actively
seek it.

We end this section by noting that institutions have
ethical considerations of their own beyond simply supporting
their language teachers. They can mitigate uncertainty by
developing and implementing clear ethical guidelines for how
teachers and students use GenAlI for teaching, learning, and
assessment, as well as setting standards for privacy protection.
They can also reduce their environmental impact by supporting
SLMs and older LLMs, as long as these options meet the
educational goals in their context. Finally, in terms of the
ethical dimension of equity, institutions need to work with their
teachers toward ensuring that students have the necessary
devices, internet access, and training to use GenAl effectively
in parity with their peers.

Conclusion

The goal of this chapter has been to draw attention to the
range of dimensions involved in ethical considerations for
language teachers using GenAl. We have noted that while
teachers are ultimately responsible for learning what they need
to in order to use GenAl ethically, it is vital that the institutions
they represent provide the necessary support to accomplish
this goal while ensuring, to the degree possible, teachers’ well-
being. We have also acknowledged the role of teachers in
informing their students of these dimensions of ethical use,
both by guiding them explicitly toward ethical uses and
modeling such uses for them. In the constantly evolving
technological landscape, it is essential for teachers, students,
and institutions to collectively navigate the roads ahead. The
emerging principles in this chapter are proposed to help guide
the way. We encourage readers to reflect on and experiment
with these principles, refining and adapting them for their own
educational purposes and contexts.
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